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Problem Statement

Imagine an NBA player who has the potential to become the next Michael Jordan, but
he has a coach who doesn’t know just how good he is. This player sits the bench the
whole season and gets one minute on the court when he has to guard a guy half a foot
taller. If the coach had known where to put this player in the lineup to make him the best
he can be, the player would show his true potential. This is a situation that could

realistically happen and ruin a player’s career.

Our method to solving this problem is by using machine learning. By using a method
that finds patterns in number relations, we can give the computer a set of a player’s
stats and it will tell us what that player’s rating is. We gave the machine 25 different
players and their respective NBA 2k ratings, and it found the relationship between their
stats and their rating. This would help a coach know how efficient certain players are by

looking at their rating.

After running the code, we chose a random player from the displayed list and compared

their actual NBA 2k rating to our prediction software rating. This method was too long,



and we weren't able to get the full picture of the accuracy of the machine learning

algorithm. We then added a function using matplotlib to graph lines of our prediction and

of the actual player rating.
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Code to Date (Used Python, 175 lines)



_;init__fself, NAME, TEAM, P0OS, AGE, GP, MPG, FT
self.name = NAME
self.team = TEAM

self.position = POS
self.age = AGE
self.gamesPlayed = GP
self.minPerGame = MPG

self.

self.s .append( floz
self.stats.append( f1
self.stats.append( f1
self.s .append|(
self.stats.append( Tl
self.stats.append( f1
self.stats.append( f1
self.stats.append( f1
self.stats.append( f1
self.stats.append( f1
self.stats.append( f1
self.stats.append( float(DRTG)




guardExPlayer = ["Step
guardeExRtg = [96, 91,

forwardExPlayer = ["Gi
forwardExRtg = [96,

centerExPlayer
centerExRtg

allPlayerRtg = []
allExStats = []

tempList = []

X, g in enumerate(guardExPlayer):
if g == row[0]:

tempList.append(floa

tempList.

templList.

tempList.

tempList.:

tempList.append( t(row[16]))

tempList.append( t(row[17]))

tempList.append( t(row[18]))

tempList.append( t(row[19

tempList.append(

tempList.append(

tempList.append(f

allPlayerRtg.append(guardExRtg[index])
stats.append(tempList)




for index, f in enumerate(forwardExPlayer):
if T = row[B]:

tempList.append(float(row[7]))
tempList.append(f (row[9]))
tempList.append(f (row[11]))
tempList.append(f (row[14]))
tempList.append(float(row[15]))
tempList.append(f (row[16]))
tempList.append(float(row[17]))
tempList.append(f (row[18]))
tempList.append(f (row[19]))
tempList.append(f C(row[26
tempList.append(f j
tempList.append(float(r

allPlayerRtg.append(forwardExRtg[index])
allExStats.append(tempList)

c in enumerate(centerExPlayer):

tempList.append(float(row[7]))
tempList.append|( (row[3]))
tempList.append| (row[11]))
tempList.append( (row[14]))
tempList.append( (row[15]))
tempList.append( (row[16]))
tempList.append|( (row[17]))
tempList.append( (row[18]))
tempList.append( 19]))
tempList.append( @
tempList.append|
tempList.append |

allPlayerRtg.append(centerExRtg[index])

allExStats.append(tempList)
tempList = []

cLf.fit(allExStats, allPlayerRtg)




row[B] == team:

app~nd1 Player(row[e], row[1], row[2],

if lrnfr: ) P
pldjerﬁﬂzter.append{ Player(row[8], row[1l], row[2],

print('")

predictions = []
actual = []

r players in playerRoster:
prediction = clf.predict( [players.stats] )[8]
print(pl s.name, prediction, " - Actual Rating:", players
predictions.append(prediction)
actual.append(players.rating)

predAndActual = list(zip(predictions, actual))
predAndActual sorted(predAndActual, key= data : data[l])

redAndActual):

Lt.figure().qgca()

Lt. plotlpr dictic nJ,lntel
plt.plot(actual, label="Actual
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Lt.legend()

.show()
t.savefig("predictionsVsAc

The Conclusions We Reached by Analyzing Our Results

Although we didn’t achieve what we expected, our results are still amazing. We
were able to give each player in the NBA a rating and have decent accuracy. If we

wanted to increase the accuracy of our model, | think we would need more



examples to help the machine learn. In the future, | think we could show the rating

for each player in all positions to show the importance of how lineups are set up.
Most Significant Achievement on the Project

“I think the most significant achievement on the project was the predictions, they were a

lot closer than expected, and plotting the accuracy was also pretty cool” -Isaac
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